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1
SCALABLE GRAPH MODELING OF
METADATA FOR DEDUPLICATED STORAGE
SYSTEMS

BACKGROUND

The present invention relates generally to storage systems
and, more specifically, to scalable graph modeling of meta-
data for deduplicated storage systems.

Digitization of large volumes of data and an increase in the
richness of content of data have led to high demands for data
storage capacity. One way to counter this increasing need for
data storage capacity is to add additional hardware resources.
However, in the storage domain, the addition of more storage
often results in a disproportionate increase in the total cost of
ownership (TCO). Though the cost of acquisition has
retreated as a result of reductions in hardware costs, the cost
of management (e.g., administration, power/energy) has
increased. Many companies are attempting to provide a better
solution by using data footprint reduction techniques such as
deduplication.

Data deduplication removes or minimizes the amount of
redundant data in a storage system by keeping only unique
instances of the data on storage. Redundant data is replaced
with a pointer to the unique data copy. By reducing space
requirements, deduplication reduces the need for new storage
resources. Implementations of deduplication often lead to
substantial savings, both in terms of new resource acquisition
costs and management costs, thereby leading to a significant
reduction in TCO. In backup environments, deduplication
also lowers the network bandwidth requirements for remote
backups, replication and disaster recovery by reducing the
amount of transmitted data on the network.

The use of deduplication introduces challenges to storage
management as storage objects (e.g., files) are no longer
independent from each other due to content sharing between
storage objects. When storage objects share content with each
other, they cannot be managed independently because a man-
agement decision on one file may affect another file. For
example, in a traditional tiered storage system, individual
“old” files can be migrated to a “colder” tier (e.g., from disks
to tapes) without affecting other files. However, in a dedupli-
cated tiered storage system, old files may share content with
other files that are not necessarily old, so the migration of a
candidate file needs to consider other files that share content
with the candidate file, which complicates the storage man-
agement tasks.

Understanding the sharing relationships between data
objects in a deduplicated storage system is important in order
to provide efficient data management, such as data placement
and data retrieval.

BRIEF SUMMARY

An embodiment includes a method, computer program
product, and system for providing a scalable representation of
metadata for deduplicated storage systems. The method
includes identifying shared data segments that are contained
in a plurality of data objects in a deduplicated storage system.
A data object centric graph is generated. The generating
includes creating vertices that represent the data objects and
creating edges between the data objects. An edge connecting
two data objects indicates that the two data objects contain at
least one shared data segment in common. Each shared data
segment between any two of the data objects is represented by
at most one of the edges. At least one of the data objects is
manipulated based on the data object centric graph.
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Another embodiment includes a method for providing
scalable representation of metadata for deduplicated storage
systems. The method includes identifying shared data seg-
ments that are contained in a plurality of data objects in a
deduplicated storage system. A data segment centric bipartite
graph is generated. The generating includes creating vertices
that represent the data objects and the shared data segments,
and creating edges between the data objects and the shared
data segments. An edge between a data object and a shared
data segment indicates that the data object contains the shared
data segment. At least one of the data objects is manipulated
based on the data segment centric bipartite graph.

Additional features and advantages are realized through
the techniques of the present invention. Other embodiments
and aspects of the invention are described in detail herein and
are considered a part of the claimed invention. For a better
understanding of the invention with the advantages and the
features, refer to the description and to the drawings.

BRIEF DESCRIPTION OF THE SEVERAL
VIEWS OF THE DRAWINGS

The subject matter which is regarded as the invention is
particularly pointed out and distinctly claimed in the claims at
the conclusion of the specification. The foregoing and other
features, and advantages of the invention are apparent from
the following detailed description taken in conjunction with
the accompanying drawings in which:

FIG. 1 illustrates a data segment centric graph that models
the sharing of data segments between data objects in a storage
system in accordance with an embodiment;

FIG. 2 illustrates a data object centric graph that models the
sharing of data segments between data objects in a storage
system in accordance with an embodiment;

FIG. 3 illustrates a process for creating the data segment
centric graph shown in FIG. 1 and the data object centric
graph shown in FIG. 2 in accordance with an embodiment;

FIG. 4 illustrates exemplary star and chain data object
centric graphs that may be implemented in accordance with
an embodiments; and

FIG. 5 illustrates a block diagram of a system for providing
graph modeling of metadata for deduplicated storage systems
in accordance with an embodiment.

DETAILED DESCRIPTION

Embodiments described herein are directed to scalable
graph modeling of metadata for deduplicated storage sys-
tems. The graph structures described herein illustrate content
sharing between data objects (e.g., files) in deduplicated stor-
age systems. Metadata that exposes sharing relationships
between data objects is modeled in a deduplicated storage
system as a graph in order to leverage the expressive power of
graph representation yet with a reduced metadata size. Con-
temporary solutions rely on a single hash table that is keyed
by hash values to indirectly expose sharing between data
objects. This requires storage users to read through all hash
values of a group of data objects each time they require a
panorama of sharing among the group of data objects. This
process is often time consuming and not scalable. In contrast
to contemporary solutions, embodiments described herein
build up a graph initially from the hash table, and then update
the graph incrementally later on so that the storage users do
not need to rebuild the representation from scratch again and
again. Furthermore, the size of the graph representation can
be reduced significantly if storage users require visibility to
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only high level sharing information (e.g., the number of
shared bytes) among data objects.

Embodiments described herein identify two main ways to
model data sharing as a graph: data segment centric and data
object centric. As used herein, the term “data object” refers to,
but is not limited to: a file, a group of files, a block, a group of
blocks, a volume, a group of volumes, all or a portion of the
storage for a particular computer, or a user defined data struc-
ture. Data objects are made up of one or more fixed or variable
sized data segments. As used herein, the term “data segment”
refers to, but is not limited to: a specified number of bytes, a
block of bytes, a group of blocks, a segment containing more
than one consecutive data segments (created, for example, by
aggregating consecutive shared data segments), or a user
defined grouping. As used herein, the term “shared data seg-
ment” refers to a data segment that is contained in two or more
data objects.

Referring now to FIG. 1, a data segment centric graph that
models the sharing of data segments between data objects in
a storage system in accordance with an embodiment is gen-
erally shown. The data segment centric graph represents both
data segments 104 and data objects 102 as vertices. In FIG. 1,
the data segments 104 are denoted as “S17, “S2”, “S3”, “S4”,
“S57,“S6”, and “S7”, and the data objects 102 are denoted as
“FILE 17, “FILE 27, and “FILE 3”. As shown in FIG. 1, edges
exist between data objects 102 and data segments 104 only
(and not between data objects 102). Thus, the graph shown in
FIG. 1 is abipartite graph of the set of data objects 102 and the
set of data segments 104. An edge exists between a data object
102 and a data segment 104 when the data segment 104 exists
in the data object 102. As shown in the graph of FIG. 1: data
segments S1, S2 and S3 are contained in FILE 1; data seg-
ments S1, S3, S4, and S5 are contained in FILE 2; and data
segments S2, S5, S6, and S7 are contained in FILE 3. In an
embodiment, the data segment centric graph also includes
edge weights which are used to specify data segment offsets,
where a data segment offset indicates the offset at which the
data segment appears in the data object the edge connects to.
The data segment centric graph shown in FIG. 1 includes
detailed, data segment level, sharing information that may be
used to aid in data placement or other data object manipula-
tions.

There are many use cases where the incremental update of
the graph is desired. For example, for online deduplication of
active data, it is desirable to maintain an up-to-date dedupli-
cation graph to provide advisory information to improve
deduplication performance (for example, by providing local-
ity information of duplicate data segments). The data segment
centric graph bipartite graph shown in FIG. 1 can be updated
incrementally when the content of one or more data objects
102 is updated. When one data segment 104 changes, only the
data objects 102 connected to it in the bipartite graph need to
be updated.

Note that shared data segments 104 shown in FIG. 1 have
spatial locality, so that instead of representing data segments
104 individually, a repetitive sequence of shared data seg-
ments 104 can be represented as a vertex in the bipartite
graph, thus having the potential to reduce the size of the
bipartite graph.

Referring now to FIG. 2, a data object centric graph that
models the sharing of data segments between data objects in
a storage system is illustrated in accordance with an embodi-
ment. The data object centric graph shown in FIG. 2 has a
lower memory footprint than the data segment centric graph
shown in FIG. 1. The data object centric graph shown in FIG.
2 represents only data objects 102 as vertices. Edges are
placed between data objects 102 that share data segments
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104. In an embodiment, edge weights 202 represent the
amount of sharing. For example, an edge weight 202 value of
“2” between the data object 102 labeled “FILE 1” and the data
object 102 labeled “FILE 2” means that “FILE 1” and “FILE
2” share two data segments 104. The data object centric graph
summarizes the detailed information offered by the data seg-
ment centric model of FIG. 1 by indicating the amount of
sharing between data objects 102. As shown in FIG. 2, the
amount of sharing between data objects 102 is described by
the graph and there is no visibility to the specific data seg-
ments 104 that are shared. Removing the detailed information
results in arelatively small graph that is proportional in size to
the order of the number of data objects 102, which is typically
orders of magnitude lower than the number of data segments.

For a data object centric graph, such as that shown in FIG.
2, the vertices are connected with a minimal set of edges in the
following sense. For example, if “n” data objects 102 share a
data segment 104, then the number of edges between this set
of'data objects 102 is “n—1.” Thus, each shared data segment
104 between any two of the data objects 102 is represented by
at most one of the edges. The idea is to not have duplicate
edges that model the sharing of the same content between data
objects 102. This enables an important property of embodi-
ments of data object centric graph models described herein:
the ability to estimate, as an upper bound, the deduplicated
size of a set of data objects 102 through a simple graph
traversal. In particular, the deduplicated size can be computed
by abreadth-first search (BFS) traversal that sums the weights
of the vertices (which represent data objects sizes) and sub-
tracts the edge weights 202 (which represent the size of the
duplicates). It is noted that for a non-partitioned graph com-
ponent this is not an approximation but always produces the
correct result. In other words, the deduplicated size of the set
of'data objects 102 is simply the sum of the vertex sizes minus
the sum of the connecting edge weights.

Inan embodiment of the data object centric graph, identical
data objects (e.g., full file duplicates) are represented only
once and singleton data objects (e.g., files that do not share
any data segments with other files) are not represented in the
graph.

An important practical aspect of embodiments is the build-
ing of the data object centric graphs, particularly identifying
the edges, which represent sharing dependencies, between
vertices (i.e., data objects). The process takes as input dedu-
plication metadata, particularly a data object segment map
which identifies the list of data segments 104 that each data
object 102 is composed of. As output, embodiments produce
a graph represented as a list of edges, called an edge list. One
important requirement for building the graph is scalability,
the graph should scale to handle petabyte scale systems.
Therefore, scalability limiting constraints (such as requiring a
large memory footprint) should be avoided.

Turning now to FIG. 3, a process for creating the data
segment centric graph shown in FIG. 1 and the data object
centric graph shown in FIG. 2 in accordance with an embodi-
ment is generally shown. Block 302 is an embodiment of
metadata stored in a database that maps data segments to data
objects. As shown in block 302, the hash values (denoted as
“H17, “H2”, “H3”, “H4”, “H5”, “H6”, and “H7”) of data
segments 104 are mapped to data objects 102 (denoted as
“F17,“F2”, and “F3”). H1 is the result when a hash operation
is performed on the data segment 104 labeled “S1”, H2 is the
result when the hash operation is performed on the data seg-
ment 104 labeled “S2”, and so on such that hash(S#)=H#. The
data shown in block 302 is referred to herein as a “data object
to data segment map” and it may be used to generate the pair
of data object and data segment.
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Atblock 304, the data object to data segment map in block
302 is sorted based on hash values. The processing at block
304 groups together data objects 102 that share a common
data segment 104. In an embodiment, this is performed by
sorting the data object to data segment map shown in block
302 by hash value. Several efficient and scalable disk-based
sorting algorithms which do not demand a large memory
footprint exist and may be utilized by embodiments, includ-
ing, but not limited to: an ORDER BY SQL clause and a
Linux® sorting tool. The hash value sorted data object to data
segment map output from block 304 is shown in block 306.
The contents of block 306 may be left in table form as shown
in block 306 and/or the data in block 306 may be used to
depict a graph such as that shown in FIG. 1.

At block 308, edges are created between data objects 102
that share a data segment 104 using the hash value sorted data
object/data segment map in block 306 as input. In an embodi-
ment, at block 308, a simple scan is performed over the hash
value sorted data object to data segment map in block 306 and
the edges as shown in block 310 are created. For the sparse
data object centric graph representation shown in FIG. 2, any
graph heuristic that satisfies a minimal set of edges require-
ment may be used by embodiments. Creating the edges at
block 308 may produce more than one edge between any two
vertices (e.g., when two data objects 102 sharing two different
chunks 104). The processing at blocks 312 and 316 are per-
formed to aggregate multiple edges between the same pair of
nodes into 1 edge.

At block 312, the edges shown in block 310 are received
and grouped by edge to generate the ordered edge list shown
inblock 314. In an embodiment, this is performed by a sorting
method, such as one or more of those described above with
respect to block 304. At block 316, the edge weights 202 are
aggregated to generate the data shown in block 318. In an
embodiment, at block 316, a sum reduction is performed over
the weights of similar edges via a single scan over the ordered
edge list shown in block 314. The resulting minimal edge data
object centric graph may be left in table form as shown in
block 318 and/or the data in block 318 may be used to depict
a graph such as that shown in FIG. 2.

Embodiments of the graph generation process described
herein do not require excessive memory requirements. The
performance of the two major operations, hash and edge
grouping, can benefit from additional physical memory, but
can still be processed efficiently on disk.

Graphs are well known for their expressive power and this
can be leveraged by encoding sharing constraints among data
objects 102. For example, if two data objects 102 are sup-
posed to be separated into two deduplication domains, these
two vertices can be tagged as having different colors so that
subsequent algorithms partitioning the graph can take into
account this sharing constraints. More complicated sharing
can also be applied to embodiments of the graphs. Any shar-
ing constraint can be modeled as long as the constraint can be
expressed by vertices and edges of the graph.

In embodiments of the data object centric graph, a star
graph heuristic is used where one of the data objects 102 is
linked with every other data object 102. In other embodi-
ments, a chain graph heuristic is used where the data objects
102 are linked to each other in a linked list. For the star
topology, the master node (representing a data object 102) is
connected with “n-1" nodes, so it has a degree of “n-17,
while the rest of the nodes (representing data objects 102)
have a degree of 1. In the chain topology, on the other hand,
the two end nodes have degrees of 1 while the intermediary
nodes have degrees of 2, so the distribution of node degrees is
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more balanced. Note that between these two heuristics there
are many other ways to link the “n” data objects 102 by a
minimal set of edges.

Turning now to FIG. 4, star and chain data object centric
graphs that may be implemented in accordance with embodi-
ments are generally shown. FIG. 4 shows a block diagram of
atable 402 summarizing content of nine files in a small folder,
a data object centric graph with star connectivity 404 built
from the data in the table 402, and a data object centric graph
with chain connectivity 406 built from the data in the table
402. The table 402 summarizes the content of the nine files,
each file is made up of a sequence of data segments made up
of four bytes. The first data segment is different for each file,
but several data segments are common between files. The last
column ofthe table 402 shows the size of each file in bytes, the
total size of the nine files in the directory is 148 bytes.

In an embodiment, to determine content sharing, for
example between files in a folder (or in an entire file system),
trace data is collected by executing a file scanning program
that traverses each file of the folder (or file system). In an
embodiment, the trace contains, for each file, a sequence of
SHA-1 cryptographic hash function content hashes, one hash
for each data segment contained in the file. In this example,
fixed data segments of 4 bytes are used, however in real
applications the data segments sizes will be much larger (e.g.,
4 kilobytes, 8 kilobytes, or more).

The star topology of the data object centric graph with star
connectivity 404 includes a vertex for each file (v1, v2,
v3 ...v9) and edges represent sharing of content between
vertices. To have a minimum number of edges in the graph,
the shared content is represented only once. Representing the
shared content only once provides the ability to determine the
deduplicated size of the folder (or file system) as the sum of
vertex sizes (raw file size) minus the sum of connecting edge
weights. This topology is referred to as a star topology
because for the “n” number of vertices sharing the same
content, one is selected (i.e., the center of the star) to be
connected with the other vertices. An alternative to the star
topology is to use a chain topology as shown in the data object
centric graph with chain connectivity 406 in FIG. 4.

Embodiments of the data segment and object centric
graphs may be used to aid in determining data object group-
ings for backup and restore operations. For example, in the
scenario where a deduplicated storage system is backed-up to
a tape libraries, the graphs can be used to determine the
specific tape a data segment should be placed on for optimal
data object restore performance. Another scenario is inform-
ing data segment placement in deduplicated disk-based pools
in large shared-nothing commodity server clusters, where
servers have asymmetric access to disks, for optimal data
object restore performance, or to reduce failure propagation
ondisk pools (if a disk fails, data loss does not spread to other
disks)

In embodiments, the granularity of the data object is
selected based on a granularity of a restore operation (also
referred to herein as a “recovery operation”) associated with
the deduplicated storage system. For example, if the granu-
larity of a restore operation is a file, then each data object can
be a file; if the granularity of a restore operation is a volume,
each data object can represent a volume.

Turning now to FIG. 5, a block diagram of a system for
providing graph modeling of metadata for deduplicated stor-
age systems in accordance with an embodiment is generally
shown. As shown in FIG. 5, a host computer 502 is in com-
munication with a storage controller 504 in a storage system
510. The storage system 510 stores data in a storage array
made up of “K” storage devices 506 (where K is greater than
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one): storage device one 506a, storage device two 5065,
storage device three 506¢, through storage device K 5064. In
an embodiment, data objects 102 and metadata about data
segments 104 shared by the data objects 102 (i.e., the shared
data segments) are stored on one or more of the storage
devices 506. In an embodiment, the storage devices 506 in the
storage array 508 are implemented by any storage devices
known in the art such as, but not limited to: tapes/tape drives
and/or disks/hard disk drives (HDDs). Though not shown in
FIG. 5, one or both of the storage controller 504 and the host
computer may contain memory devices to store data, such as
all or a portion of the metadata, graphs and other data
described herein. In addition, the storage system 510 and/or
the host computer 502 may implement a tiered hierarchy of
memory and storage that includes memory devices (contain-
ing memory and/or cached memory), disks and tape devices.
As shown in FIG. 5, the storage controller 504 is part of the
storage system 510; in another embodiment, the storage con-
troller 504 is part of the host computer 502. As used herein,
the term “processor” refers to one or more processors located
in the host computer 502 and/or the storage controller 504.

Technical effects and benefits include providing a general
graph based metadata layer that represents sharing between
user defined data objects 102. Embodiments also provide a
light weight, yet accurate, representation of sharing between
data objects 102. The representation of sharing is elastic in
that it can be updated incrementally when data object 102
contents change. In addition, embodiments provide a flexible
data structure that can incorporate sharing constraints among
data objects 102. In embodiments, the graph that represents
sharing between data objects 102 is less than one percent of
the size of a contemporary hash table representation of the
metadata.

The terminology used herein is for the purpose of describ-
ing particular embodiments only and is not intended to be
limiting of the invention. As used herein, the singular forms
“a”, “an” and “the” are intended to include the plural forms as
well, unless the context clearly indicates otherwise. It will be
further understood that the terms “comprises” and/or “com-
prising,” when used in this specification, specify the presence
of stated features, integers, steps, operations, elements, and/
or components, but do not preclude the presence or addition
of one or more other features, integers, steps, operations,
elements, components, and/or groups thereof.

The corresponding structures, materials, acts, and equiva-
lents of all means or step plus function elements in the claims
below are intended to include any structure, material, or act
for performing the function in combination with other
claimed elements as specifically claimed. The description of
the present invention has been presented for purposes of
illustration and description, but is not intended to be exhaus-
tive or limited to the invention in the form disclosed. Many
modifications and variations will be apparent to those of
ordinary skill in the art without departing from the scope and
spirit of the invention. The embodiments were chosen and
described in order to best explain the principles of the inven-
tion and the practical application, and to enable others of
ordinary skill in the art to understand the invention for various
embodiments with various modifications as are suited to the
particular use contemplated.

Further, as will be appreciated by one skilled in the art,
aspects of the present invention may be embodied as a system,
method, or computer program product. Accordingly, aspects
of the present invention may take the form of an entirely
hardware embodiment, an entirely software embodiment (in-
cluding firmware, resident software, micro-code, etc.) or an
embodiment combining software and hardware aspects that
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may all generally be referred to herein as a “circuit,” “mod-
ule” or “system.” Furthermore, aspects of the present inven-
tion may take the form of a computer program product
embodied in one or more computer readable medium(s) hav-
ing computer readable program code embodied thereon.

Any combination of one or more computer readable medi-
um(s) may be utilized. The computer readable medium may
be a computer readable signal medium or a computer read-
able storage medium. A computer readable storage medium
may be, for example, but not limited to, an electronic, mag-
netic, optical, electromagnetic, infrared, or semiconductor
system, apparatus, or device, or any suitable combination of
the foregoing. More specific examples (a non-exhaustive list)
of the computer readable storage medium would include the
following: an electrical connection having one or more wires,
a portable computer diskette, a hard disk, a random access
memory (RAM), a read-only memory (ROM), an erasable
programmable read-only memory (EPROM or Flash
memory), an optical fiber, a portable compact disc read-only
memory (CD-ROM), an optical storage device, a magnetic
storage device, or any suitable combination of the foregoing.
In the context of this document, a computer readable storage
medium may be any tangible medium that can contain, or
store a program for use by or in connection with an instruction
execution system, apparatus, or device.

A computer readable signal medium may include a propa-
gated data signal with computer readable program code
embodied therein, for example, in baseband or as part of a
carrier wave. Such a propagated signal may take any of a
variety of forms, including, but not limited to, electro-mag-
netic, optical, or any suitable combination thereof. A com-
puter readable signal medium may be any computer readable
medium that is not a computer readable storage medium and
that can communicate, propagate, or transport a program for
use by or in connection with an instruction execution system,
apparatus, or device.

Program code embodied on a computer readable medium
may be transmitted using any appropriate medium, including
but not limited to wireless, wireline, optical fiber cable, radio
frequency (RF), etc., or any suitable combination of the fore-
going.

Computer program code for carrying out operations for
aspects of the present invention may be written in any com-
bination of one or more programming languages, including
an object oriented programming language such as Java,
Smalltalk, C++ or the like and conventional procedural pro-
gramming languages, such as the “C” programming language
or similar programming languages. The program code may
execute entirely on the user’s computer, partly on the user’s
computer, as a stand-alone software package, partly on the
user’s computer and partly on a remote computer or entirely
on the remote computer or server. In the latter scenario, the
remote computer may be connected to the user’s computer
through any type of network, including a local area network
(LAN) or a wide area network (WAN), or the connection may
be made to an external computer (for example, through the
Internet using an Internet Service Provider).

Aspects of the present invention are described above with
reference to flowchart illustrations and/or block diagrams of
methods, apparatus (systems) and computer program prod-
ucts according to embodiments of the invention. It will be
understood that each block of the flowchart illustrations and/
or block diagrams, and combinations of blocks in the flow-
chart illustrations and/or block diagrams, can be imple-
mented by computer program instructions. These computer
program instructions may be provided to a processor of a
general purpose computer, special purpose computer, or other
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programmable data processing apparatus to produce a
machine, such that the instructions, which execute via the
processor of the computer or other programmable data pro-
cessing apparatus, create means for implementing the func-
tions/acts specified in the flowchart and/or block diagram
block or blocks.

These computer program instructions may also be stored in
a computer readable medium that can direct a computer, other
programmable data processing apparatus, or other devices to
function in a particular manner, such that the instructions
stored in the computer readable medium produce an article of
manufacture including instructions which implement the
function/act specified in the flowchart and/or block diagram
block or blocks.

The computer program instructions may also be loaded
onto a computer, other programmable data processing appa-
ratus, or other devices to cause a series of operational steps to
be performed on the computer, other programmable appara-
tus or other devices to produce a computer implemented
process such that the instructions which execute on the com-
puter or other programmable apparatus provide processes for
implementing the functions/acts specified in the flowchart
and/or block diagram block or blocks.

The flowchart and block diagrams in the Figures illustrate
the architecture, functionality, and operation of possible
implementations of systems, methods, and computer pro-
gram products according to various embodiments of the
present invention. In this regard, each block in the flowchart
or block diagrams may represent a module, segment, or por-
tion of code, which comprises one or more executable
instructions for implementing the specified logical func-
tion(s). It should also be noted that, in some alternative imple-
mentations, the functions noted in the block may occur out of
the order noted in the figures. For example, two blocks shown
in succession may, in fact, be executed substantially concur-
rently, or the blocks may sometimes be executed in the reverse
order, depending upon the functionality involved. It will also
be noted that each block of the block diagrams and/or flow-
chart illustration, and combinations of blocks in the block
diagrams and/or flowchart illustration, can be implemented
by special purpose hardware-based systems that perform the
specified functions or acts, or combinations of special pur-
pose hardware and computer instructions.

What is claimed is:

1. A method of providing a scalable representation of meta-
data for deduplicated storage systems, the method compris-
ing:

identifying shared data segments that are contained in a

plurality of data objects in a deduplicated storage sys-
tem;

generating a data object centric graph, the generating com-

prising:

creating vertices that represent the data objects;

creating edges between the data objects, wherein an
edge connecting two data objects indicates that the
two data objects contain at least one shared data seg-
ment in common and each shared data segment
between any two of the data objects is represented by
at most one of the edges; and

assigning an edge weight to the edges, each edge weight
indicating a number of shared data segments in com-
mon between data objects connected by the edge;

manipulating at least one of the data objects based on the
data object centric graph, the manipulating including
estimating at least one of a size of the data objects based
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on the data object centric graph and an upward bound of
the size of the data objects based on the data object
centric graph;

receiving an update to a data object; and

incrementally updating the data object centric graph to
reflect the update.

2. The method of claim 1, further comprising storing at
least a portion of the data object centric graph in a memory
device.

3. The method of claim 1, wherein identifying the shared
data segments includes comparing hash values of the shared
data segments.

4. The method of claim 1, wherein the manipulating further
includes at least one of a backup operation and a restore
operation, and a granularity of the data objects is selected
based on a granularity of the restore operation.

5. The method of claim 1, wherein a data object is one of an
individual file, a file system, and a computer.

6. The method of claim 1, wherein the manipulating further
includes a data placement operation.

7. A computer program product for providing a scalable
representation of metadata for a deduplicated storage system,
the computer program product comprising:

a non-transitory computer readable storage medium hav-
ing program code embodied therewith, the program
code executable by a processor to:

identify shared data segments that are contained in a plu-
rality of data objects in a deduplicated storage system;

generate a data object centric graph, the generating com-
prising:
creating vertices that represent the data objects;
creating edges between the data objects, wherein an

edge connecting two data objects indicates that the
two data objects contain at least one shared data seg-
ment in common and each shared data segment
between any two of the data objects is represented by
at most one of the edges; and
assigning an edge weight to the edges, each edge weight
indicating a number of shared data segments in com-
mon between data objects connected by the edge;
manipulate at least one of the data objects based on the data
object centric graph, the manipulating including esti-
mating at least one of a size of the data objects based on
the data object centric graph and an upward bound of the
size of the data objects based on the data object centric
graph;

receiving an update to a data object; and

incrementally updating the data object centric graph to
reflect the update.

8. The computer program product of claim 7, wherein the
generating further comprises assigning an edge weight to the
edges, each edge weight indicating a number of shared data
segments in common between data objects connected by the
edge.

9. The computer program product of claim 7, wherein the
manipulating includes estimating at least one of a size of the
data objects based on the data object centric graph and an
upward bound of the size of the data objects based on the data
object centric graph.

10. A system for providing a scalable representation of
metadata for deduplicated storage systems, the system com-
prising:

a memory having computer readable computer instruc-

tions; and

a processor for executing the computer readable instruc-
tions, the instructions including:
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identifying shared data segments that are contained in a
plurality of data objects in a deduplicated storage sys-
tem;

generating a data object centric graph, the generating com-
prising:
creating vertices that represent the data objects;
creating edges between the data objects, wherein an

edge connecting two data objects indicates that the
two data objects contain at least one shared data seg-
ment in common and each shared data segment
between any two of the data objects is represented by
at most one of the edges; and
assigning an edge weight to the edges, each edge weight
indicating a number of shared data segments in com-
mon between data objects connected by the edge;
manipulating at least one of the data objects based on the
data object centric graph, the manipulating including
estimating at least one of a size of the data objects based
on the data object centric graph and an upward bound of
the size of the data objects based on the data object
centric graph;

receiving an update to a data object; and

incrementally updating the data object centric graph to
reflect the update.

11. A method of providing a scalable representation of
metadata for deduplicated storage systems, the method com-
prising:

identifying shared data segments that are contained in a
plurality of data objects in a deduplicated storage sys-
tem;

generating a data segment centric bipartite graph, the gen-
erating comprising:
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creating vertices that represent the data objects and the
shared data segments;

creating edges between the data objects and the shared
data segments, wherein an edge between a data object
and a shared data segment indicates that the data
object contains the shared data segment; and

aggregating consecutive shared data segments into one
shared data segment;

manipulating at least one of the data objects based on the
data segment centric bipartite graph;

receiving an update to a selected one of the shared data
segments;

updating data objects that are connected to the selected
shared data segment by one of the edges in the data
segment centric bipartite graph in response to receiv-
ing the update.

12. The method of claim 11, further comprising storing at
least a portion of the data segment centric bipartite graph in a
memory device.

13. The method of claim 11, wherein identifying the shared
data segments includes comparing hash values of the shared
data segments.

14. The method of claim 11, wherein a granularity of the
data object is selected based on a granularity of a restore
operation associated with the deduplicated storage system.

15. The method of claim 11, wherein the manipulating
includes determining a storage location for at least one of the
data objects.

16. The method of claim 11, further comprising incremen-
tally updating the data segment centric bipartite graph based
on the manipulating.



